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Simulation of Stock Returns through FMQS

Quantile Regression on Factor Model and Simulation of Market Returns
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Outline of FMQS Methodology (1/6)

Adjustment of the historical Data

Time Series Data }

Quantile Regression

Market Simulation
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Outline of FMQS Methodology (2/6)

Quantile Regression estimates the Parameters of the Factor Model
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Outline of FMQS Methodology (3/6)
Market Return Simulation through a Stochastic Volatility Jump Diffusion Model
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Outline of FMQS Methodology (4/6)

Quantiles can be calculated using the previous Results
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Outline of FMQS Methodology (5/6)

Through Interpolation we generate the Distribution from the Quantiles

_________________________________________________
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Outline of FMQS Methodology (6/6)

Inversion Sampling can be used to sample from the calculated Distribution

_________________________________________________

Time Series Data Let U be an uniform random variable on (0,1) and let
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Empirical Results

Parameter estimation for Quantile Regression and SVJD Model

- Quantile Regression
R = ai + iRy + iRy + ¢
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mu

kappa

theta

sigma
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Analytical results

Assuming a normal distributed market return
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